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09:30~10:00 Registration
Introduction to Optimization OAZ Wp(SHUTH)
10:00~12:30 L N : L :
Rate of convergence, optimality conditions (unconstrained optimization), gradient
descent and Armijo line search
12:30~13:30 Lunch
Optimization Method | Ofatz l==(SHTH)
13:30~15:30 : . . :
Stochastic gradient descent and its variants, such as AdaGrad, RMSProp, MM, NAG,
and ADAM.
15:30~15:50 Break
Model selection and Parameter tuning using python O & W=(BHATH)
15:50~17:50
KKT conditions, dual formulation, support vector machines
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